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STDYX Standardization

Two-Tailed
Estimate S.E. Est/S.E. P-Value
EXHAUST ON
CONFLICT 0.476  0.020 23.281 0.000
EE ON
ROLEC 0.605 0.023 26.856 0.000
DEPERSON ON
EXHAUST 0.402 0.024 16.415 0.000
CONFLICT 0.156 0.026  6.022 0.000
23 DP ON
EE 0.476 0.035 13.514 0.000
ROLEC 0.181 0.039 4.655 0.000
COMPLISH ON
EXHAUST -0.222  0.027 -8.311 0.000
DEPERSON -0.288  0.026 -10.979 0.000
AMBIG 0.045 0.024 1.881 0.060
PA ON
EE -0.211  0.039 -5.408 0.000
DP -0.310 0.038 -8.140 0.000
ROLEA -0.107 0.034 -3.099 0.002
CONFLICT WITH
AMBIG 0.249 0.025 10.049 0.000
ROLEC WITH
ROLEA 0.765 0.022 34.162 0.000
" n
t&
R-SQUARE
Observed Two-Tailed

Variable Estimate S.E. Est/S.E. P-Value

DEPERSON 0.246  0.020 12.418 0.000

EXHAUST 0.227 0.019 11.641 0.000

COMPLISH 0.190 0.019 10.205 0.000
Latent Two-Tailed

Variable Estimate S.E. Est/S.E. P-Value

DP 0.364 0.026 13.888 0.000
EE 0.366  0.027 13.428 0.000
PA 0.273 0.025 11.056 0.000




S+ (% ! %$. 1, % $& . 9 [ 2
. 34
" 6537 5  -33 34 34
89! %$. ;<3 3
! 47
+ 3 W=
3560
357
S4$&" (% !
%%, 1, % $&" . 9 / 2
" 3500 a4
| .
89! ! 4 5 a3 306 3
9 - + " 3 %8$. <3 3676
-l
- 356
03 05 pul 3
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Table 6.4 Mplus Output for Model 2:
Selected ification Indices (Mis)
Model Modification Indices
Expected _ "
Parameter
Change Standard StdYX
ON/BY Statements MI (EPC) EPC EPC
M ONTF1l / 19.160 0.192 0.287 0.287 PA WITH
Fl BYF9 ROLEA -0.335 0.031 -10.821 0.000
F9 ONE2 / 35.751 0.193 0339 0339 ROLEC -0.284 0.033 -8.728 0.000
P2 BYF
B ONF3 / 30.622 0155 0321 0321 EE -0.443 0026 -17.218  0.000
3 BYT9 DP -0.474 0.027 -17.633 0.000
P ONF6 / 28.522 0127 0.317 0317
F6 BY F9
9 ONF / /013 0295 0234 0234
F8 BYF9
F10 ONF1 / 11.621 2.201 1237 1.237
F1 BY F10
F10 ONF5 / 15.505 =211 -1.311 -1.311 0
5 BYF10
FI0  ONF6 / 10206 0725 0680 0680 /0 > f)
Fé BY F10
F10 ONF§8 / 38.297 -1.029 -0.306 —0.306
F8  BYFI0
Fil  ONE8 / 19497 0402
F§__ BYTI i 1' 2 y = 1' 2
Gl ONE 0235
R BY F12 e
Fl2  ONF3 / 0.255
F3 BY F12
Fl2  ONF4 / 18.509 0.364 0.163 0163 . o :
F4 BY F12 N\ S e ol = e 1
N ] (T2~ ONE 7/ 14.555 0235
F5  BYFI12 7J . ool
F12 ONF6 / 34.604 0.152 0.219 0.219 Fz BY Flz
F6 BYF12
F12 ONF7 / 16.004 0.137 0.142 0.142

m BY F12




F11 ONF3 / 19.196 -(.938 -0.911 -0.911
F3 BY F11
F11 ONF8 / 20.357 -0.409 -0.144 -0.144
F8 BY F11
> ?
F12 ONE2 [/ 20.428 0.339 0.345 0.345
F2 BY F12 )
F12 ONEF3 / 19.589 0.259 0.325 0.325
F3 BY Fl12
13 52

path flowing from F8 (Self-Esteem) to F11 (Depersonalization). However,
the fact that the EPC statistic has a negative sign makes interpretation of
this path illogical as it conveys the notion that high self-esteem leads to
low levels of depersonalization; more appropriately, the path should have
a positive sign. In contrast, the positive sign associated with the path lead-

this construct actually represents a sense of reduced personal accomplish-

ing from Role Conflict to Personal Accomplishment does make sense as ﬁ

ment. Thus, I consider it worthwhile to specify one more model (Model 7)
that incorporates this parameter (F12 on F2).

%>:

The subscale of Personal Accomplishment contains 8 items that describe
feelings of competence and successful achievement in one’s work with people. In
contrast to the other two subscales, lower mean scores on this subscale
correspond to higher degrees of experienced burnout. It is important to note

I % @ * 56 3




-0.205 0.033 -6.214  0.000
-0.259  0.033 -7.961  0.000
-0.346  0.076 -4.532  0.000
0.269 0.075 3,570 0.000
0.000 0.000 999.000 999.000
-0.355  0.032 -11.212  0.000
-0.262  0.073 -3.604 0.000
0.080 0.068 1.180 0.238
-0.331  0.032 -10.366  0.000
0.000 0.000 999.000 999.000
-0.319  0.077 -4.126  0.000
0.181 0.077 2366 0.018
-0.177  0.032 -5.478 0.000
-0.251  0.033 -7.729  0.000
0.000 0.000 999.000 999.000
-0.021  0.041 -0.522 0.602

PA ON

EE 0.000 0.000 999.000 999.000

DP 0.000 0.000 999.000 999.000

ROLEA -0.092 0.078 -1.186 0.236

ROLEC -0.324  0.072 -4.493 0.000
PA ON

EE 0.000  0.000 999.000 999.000

DP -0.337  0.031 -10.829  0.000

ROLEA 0.000 0.000 999.000 999.000

ROLEC -0.131  0.037 -3.554  0.000
PA ON

EE -0.300 0.031 -9.691  0.000

DP 0.000 0.000 999.000 999.000

ROLEA 0.000 0.000 999.000 999.000

ROLEC -0.089 0.042 -2.125 0.034

PA ON

EE 0.000 0.000 999.000 999.000

DP 0.000 0.000 999.000 999.000

ROLEA 0.000 0.000 999.000 999.000

ROLEC -0.399  0.037 -10.795  0.000

commonly found condition of multivariate kurtosis in SEM, let's take the
case of a Likert-scaled questionnaire, for which responses to certain items
result in the majority of respondents selecting the same scale point. For
each of these items, the score distribution would be extremely peaked (ie.,
leptokurtic); considered jointly, these particular items would reflect a mul.
tivariately positive kurtotic distribution. (For an elaboration of both uni-
variate and multivariate kurtosis, readers are referred to DeCarlo, 1997)

isite to the of i normality is the need
to check for univariate normality, as the latter is a necessary, although not
sufficient, condition for multivariate normality (DeCarlo, 1997). Research
has shown that whereas skewness tends to impact tests of means, kurtosis
severely affects tests of variances and covariances (DeCarlo, 1997). Given
that SEM is based on the analysis of covariance structures, evidence of
Kurtosis is always of concern, in particular evidence of multivariate kurto-
sis as it is known to be exceptionally detrimental in SEM analyses.

Mplus, in contrast to other SEM programs (e.g, AMOS and EQS), does
not provide a single measure of multivariate kurtosis. However, it does
enable the provision of actual univariate skewness and kurtosis values.
That Mplus does not yield a coefficient of multivariate kurtosis is moot
and in no way detracts from its capacity or approach in dealing with the
presence of such nonnormality in the data. Rather, the omission of this
coefficient is simply in keeping with Muthén and Muthén's (2007-2010)
contention that such representation based on a single number is both

i s UL CLURILGLY, WKL SCULES aTe NOEMAIlY aistributed, the
Standardized Kurtosis Index has a value of 3.00, with larger values repre-
senting positive kurtosis and lesser values representing negative kurtosis.
However, computer programs typically rescale this value such that zero
serves as the indicator of a normal distribution and its sign serves as the
indicator of positive or negative kurtosis (DeCarlo, 1997; Kline, 2011; West,
Finch, & Curran, 1995).

At this point, no doubt you are wondering how far a kurtosis
value must deviate from zero before it can be regarded as problematic.
Unfortunately, to date, there appears to be no clear consensus regarding
this question (Kline, 2011) as absolute kurtosis values ranging from + 2.0
(Boomsma & Hoogland, 2001; Muthén & Kaplan, 1985) to = 70 (West et
2L, 1995) and higher (DeCarlo, 1997) have been proposed as possible early
departure points of nonnormality. Thus, although kurtosis values may
appear not to be excessive, they may nonetheless be sufficiently nonnor-
mal to make interpretations based on the usual ¥ statistic, as well as the
Comparative Fit Index (CFI), Tucker-Lewis Fit Index (TLI), and Root Mean
Square Error of Approximation (RMSEA) indices, problematic. Thus, it is
always best to err on the side of caution by taking this information into
account.

In contrast to the lack of consensus regarding the point at which the
onset of nonnormality can be considered to begin, there is strong consen-
sus that when variables demonstrate substantial nonzero univariate kur-
tosis, they most certainly will not be iately normally di
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GOF for ML, MLM and MLMYV estimators

Chi-Square Test of Model Fit

ML Value 175.933
Degrees of Freedom 45
P-Value 0.0000

MLM Value 151.727*
Degrees of Freedom 45
P-Value 0.0000
Scaling Correction Factor 1.1595

for MLM

MLMV  Value 146.322*

Degrees of Freedom 45

P-Value 0.0000




GOF for ML, MLM and MLMV estimators (2)

RMSEA (Root Mean Square Error Of Approximation)

ML Estimate 0.045
90 Percent C.I. 0.038 0.052
Probability RMSEA <= .05 0.868
MLM Estimate 0.041
90 Percent C.I. 0.034 0.048
Probability RMSEA <= .05 0.983
MLMV  Estimate 0.040
90 Percent C.I. 0.033 0.047
Probability RMSEA <= .05 0.991

GOF for ML, MLM and MLMV estimators (3)

CFI/TLI
ML CFlI 0.985
TLI 0.977
MLM CFlI 0.985
TLI 0.979
MLMV  CFI 0.985

TLI 0.978




GOF for ML, MLM and MLMV estimators (4)

MODEL RESULTS

ML PA ON
EE -0.205 0.033 -6.214 0.000
DP -0.259 0.083 -7.961 0.000
ROLEA -0.346 0.076 -4.532  0.000
ROLEC 0.269 0.075 3.570 0.000
MLM PA ON
EE -0.205 0.035 -5.940 0.000
DP -0.259 0.035 -7.354 0.000
ROLEA -0.346  0.077 -4.497 0.000
ROLEC 0.270 0.077 3.493 0.000
MLMV PA ON
EE -0.205 0.035 -5.940 0.000
DP -0.259 0.035 -7.354 0.000
ROLEA -0.346  0.077 -4.497 0.000
ROLEC 0.270 0.077 3.493 0.000
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